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Post-COVID, supply shock-induced spike in inflation in 
India has spawned renewed research interest in assessing 
the extent to which inflation expectations are anchored 
to the inflation target, given its importance to securing 
price stability in the medium-run. This article constructs 
a bias-adjusted household inflation expectations series 
to show that such a measure contains useful forward-
looking information for predicting headline inflation. It 
also presents an inflation expectation anchoring (IEA) 
index to highlight the significance of the flexible inflation 
targeting (FIT) framework to firmer anchoring of 
expectations and the role of repeated supply shocks in 
posing the risk of de-anchoring expectations. 

Introduction

 Infl ation expectations broadly indicate what 

different economic agents – consumers, businesses, 

and  investors – assess today about infl ation in the 

future. Since the actual evolution of the infl ation 

trajectory in a country can be conditioned by 

infl ation expectations, central banks assign focused 

attention to anchor infl ation expectations. When 

infl ation expectations are anchored, short-term 

supply disruptions or supply shocks would not 

alter expectations about infl ation in the medium-

run, despite infl ation rising/declining in the short-

term, thereby minimising the risk of a wage-price 

spiral. Past conduct of monetary policy, in terms 

of delivering price stability in the medium- run, no 

matter the nature and size of shocks to infl ation 

has an important bearing on the degree to which a 

central bank could anchor infl ation expectations. 

In a fl exible infl ation targeting (FIT) framework, 

due to the primacy assigned to price stability in the 

monetary policy mandate, with an explicit infl ation 

target as the nominal anchor, and clear accountability 

norms for monetary policy actions and transparency 

about the policy-making processes, the scope for 

anchoring infl ation expectations is higher (Bernanke, 

2007; Ha et al., 2019). If infl ation expectations are 

anchored, then monetary policy “…can respond 

more aggressively to recessionary demand shocks 

and less aggressively to infl ationary supply shocks, 

leading to better dual mandate outcomes” (Bernanke, 

2022). As expectations are so critical to the price 

stability mandate, central banks can enhance the 

effectiveness of monetary policy by “working to 

shape those expectations” (Bernanke, 2013).

 Since expectations are unobservable, they are 

generally approximated through targeted surveys 

of households, fi rms and professional forecasters, 

besides estimating them from fi nancial market 

variables such as infl ation-indexed bonds, infl ation 

swaps and infl ation options. Subjective survey-based 

infl ation expectations of households and fi rms help 

in understanding the wage-price setting behaviour, 

and hence in forecasting infl ation, which serves as 

the intermediate target of monetary policy under 

FIT. Full information rational expectations (FIRE) 

models that often underpin simple models to explain 

infl ation dynamics in a country tend to assume 

that all agents possess similar information, process 

information effi ciently and therefore have identical 

expectations. The median/mean of survey data is 

commonly used as a proxy of the representative agent 

in the economy. In real life, however, understanding 

biases in subjective expectations and disagreements 

among agents, and the factors driving them, can help 

in enhancing the utility of infl ation expectations data 

to infl ation and monetary policy analysis. Survey data 
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adjusted for households’ biases may completely alter 

one’s assessment of the degree of effectiveness of 

monetary policy in anchoring infl ation expectations. 

 Individual household perception about current/

recent infl ation may differ from the offi cial release of 

headline CPI infl ation (widely reported in the press), 

because the household may not know about the true 

infl ation number, or even when the true information 

is known, the perception may be infl uenced by his/

her own consumption basket and experience. When 

infl ation perception itself differs from the offi cial 

infl ation number, that would imply that the full 

information representative agent assumption may no 

more be relevant for any meaningful policy analysis. 

Infl ation perceptions often may exhibit a stronger 

association with infl ation expectations, relative to 

headline infl ation. Moreover, infl ation expectations 

of heterogenous agents may be infl uenced by several 

socio-economic factors – income levels, age, gender, 

purchasing attitudes, and personal optimism/

pessimism about future employment and income 

outlook. More frequently purchased items tend to 

have a higher infl uence on both infl ation perceptions 

and infl ation expectations (Ehrmann et al., 2017). 

The order of disagreement among economic agents 

on expected infl ation and its dispersion could 

depend on the level of actual infl ation, its volatility 

and relative price variability (Mankiw et al., 2003) 

and the credibility of the central bank (Ballantyne 

et al., 2016). While lower order of disagreement 

would imply better anchoring of expectations, more 

dispersed expectations would mean large forecast 

errors for many economic agents, which in turn 

could increase the cost of infl ation uncertainty for 

them. 

 Since early 2020, successive and overwhelming 

supply-side shocks – disruptions in supply chains after 

the pandemic and large food and fuel price pressures 

after the war in Europe – and the resultant surge in 

global infl ation have reignited the debate on the role 

of monetary policy in taming supply-shock induced 

infl ation, as there is considerable cynicism about the 

impact of front-loaded monetary policy actions in 

anchoring infl ation expectations, or avoiding the risk 

of de-anchoring of long-term infl ation expectations 

if high infl ation persists for an extended period. In 

this context, it has become necessary even in India 

to revisit and reassess the infl ation expectations 

channel, notwithstanding the challenge that survey-

based household infl ation expectations are known to 

be biased and tend to differ from headline infl ation 

persistently1 (Singh et al., 2022). The utility of the 

median household infl ation expectations numbers 

to forecasting headline infl ation in India is found to 

be limited (Pattanaik et al., 2020). The use of several 

trimming methods to reduce bias in quantitative 

measures of household infl ation expectations does 

not eliminate the problem completely (Das et al., 
2019). When raw expectations data are transformed to 

satisfy conditions of rationality, they seem to provide 

better forward-looking information (Shaw, 2019). 

In view of these identifi ed issues in the literature 

for India about untreated raw household infl ation 

expectations data, this article focuses on quantifying 

the biases in expectations. By constructing an infl ation 

expectations anchoring index, we also examine how 

the degree of anchoring of infl ation expectations in 

India evolved over time, especially during the FIT 

period relative to the pre FIT period.

 Set against this context, Section II quantifi es the 

extent of bias in household infl ation expectations 

data and identifi es the major sources of bias. It also 

examines major drivers of disagreement in infl ation 

perceptions/expectations, namely differences in 

consumption baskets as derived from alternative data 

1 The RBI’s fi rst survey of household infl ation expectations started in 
September 2005 and qualitative information was the focus in the fi rst two 
rounds. From the third round in 2006, quantitative information (3-months 
ahead and 1-year ahead infl ation expectations) from twelve cities was 
collected. Starting December 2012, data were collected from sixteen Indian 
cities. Currently, the survey covers 19 cities. 
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sources [such as consumer pyramid data published 

by the Centre for Monitoring Indian Economy 

(CMIE)], profession-wise differential sensitivity of 

expectations to food and fuel infl ation, and also the 

role of income levels (in deciles), age and geographical 

location of households in driving heterogeneity in the 

formation of expectations. Section III generates a new 

bias-adjusted household infl ation expectations series 

by accounting for the possible sources of bias and 

compares it with trends in actual infl ation. Section 

IV compares the forecasting performance of the bias-

adjusted infl ation expectations series with that of the 

unadjusted series. For assessing the changing degree of 

anchoring of infl ation expectations in India over time, 

Section V attempts to construct an infl ation anchoring 

index taking into account three factors – sensitivity of 

infl ation expectations to infl ation shocks, dispersion 

in infl ation expectations, and deviation of infl ation 

expectations from the infl ation target. Section VI 

provides concluding remarks.

II.Bias in Household Infl ation Expectations 

II.1 Measuring Bias in Infl ation Expectations

 Bias in infl ation expectations, being a potential 

source of noise, can reduce the utility of infl ation 

expectations data (collected by devoting considerable 

time and resources) to policymaking. Often, there is a 

lack of clarity on what exactly is the bias in infl ation 

expectations. Therefore, we start with a formal 

defi nition of infl ation expectations bias. The infl ation 

expectations bias, , at time  for horizon  is defi ned 

as the difference between infl ation expectations for 

time  +  taken at time t and the realised infl ation at 

time  + . That is:

  ...(1)

 In the case of India, we consider one-year ahead 

infl ation expectations, and therefore we take  

year ahead. The next challenge is to empirically 

estimate bias using Equation (1). If we regress infl ation 

expectations for the current period as recorded a 

period ago on the current realised infl ation, we could 

generate a broad estimate of bias. This could be 

written as:

   ...(2)

 Here, the hypothesis of interest is whether 

. If , we have . This method, 

however, provides a single estimate of the bias, which 

is an average approximation for the period under 

consideration. 

II.2 Bias in Infl ation Expectations of Households in 
India

 Given the need for assessing the evolution of bias 

over time, we consider bias as defi ned in Equation (1) 

and use data from the Infl ation Expectations Survey 

of Households (IESH) for constructing a time series 

of biases2. Estimated biases in infl ation expectations 

from different measures are presented in Chart 1. A 

summary of descriptive statistics relating to biases 

in infl ation expectations is reported in Table 1. We 

see that the extent of bias in infl ation expectations 

is large, and the average size of bias goes up with the 

time horizon of infl ation expectations increasing. 

One-year ahead expectations have the highest average 

biases and are the most volatile, indicating that the 

2 The IESH survey elicits information on household infl ation expectations 
through a structured questionnaire covering a wide range of diverse 
demographic aspects in terms of gender, age profi le, and occupation status 
of the survey participants. The survey respondents report their current 
perception of infl ation as well as infl ation expectations for both three 
months ahead and one year ahead in numerical values. For the purpose of 
this study, we use quarterly data from Q1:2012 to Q2:2022. 

Table 1: Summary Statistics of Infl ation 
Expectations Bias

Variable Obser-
vations

Mean Std. 
Dev

Max Min ADF test 
p-value

One-year ahead 43 5.2 2.4 11.3 1.4 0.04 
(stationary)

Three-months ahead 43 4.1 2.0 20.6 0.7 0.01 
(stationary)

Current perception 43 3.2 1.7 7.1 -0.5 0.02 
(stationary)

Source: Authors’ estimates.
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agents are more uncertain about future infl ation as the 

time horizon expands. We also fi nd that the estimated 

biases across forecast horizons are stationary, but 

there has been the presence of a positive bias over 

time which is consistent and systematic. 

II.3 Sources of Infl ation Expectations Bias

 Recognising that the extent of bias in the infl ation 

expectations of households may be large, the next 

question we address is what could be the possible 

sources of this bias. To derive an infl ation expectations 

series that is free of biases, understanding these 

sources is critical. Bias in infl ation expectations can 

arise on account of several reasons. Since infl ation 

expectations are formed based on the information set 

available with the economic agents, the forecast errors 

could refl ect the delay in obtaining full information by 

the agents. If these errors have any systematic pattern, 

it would refl ect as bias over time. This could be either 

on account of the cost of acquiring full information - 

making the information fl ow sticky, or on account of 

noisy information available with the agents – posing 

the challenge of deciphering true signals from the 

information. Infl ation expectations bias could also be 

a result of the differences in the consumption baskets 

across households. As prices of some items change 

disproportionately to the overall infl ation on account 

of supply shocks, individuals with a larger share of 

consumption of those items may perceive infl ation 

differently and accordingly change their expectations. 

Using the CMIE data on consumption expenditure 

from the Consumer Pyramids Household Survey 

(CPHS) database, we present the share of food and 

fuel within their consumption basket for different 

types of workers in Table 2. We can see that the shares 

vary signifi cantly across occupation categories. The 

overall picture is that food and fuel still account for 

a signifi cant share of consumption across occupation 

categories. While the share of food is relatively lower 

for workers in the formal sector, the share of petrol 

and diesel is higher for them. So, differences in 

consumption baskets of households can be a major 

source of bias in expectations.

Table 2: Share of Food and Petrol and Diesel 
in Consumption Basket Across Occupation 
Categories: CMIE CPHS July 2022 Release

Occupation Categories Food Share Petrol and 
Diesel Share

Home-based Workers 51.5 5.9

Miscellaneous 50.5 4.3

Agricultural Labourers 49.8 7.7

Wage Labourers 49.0 7.7

Small Traders/Hawkers 48.4 8.3

Small/Marginal Farmers 48.4 8.9

Non-industrial Technical Employees 48.0 9.1

Legislators/Social Workers/Activists 47.3 10.8

Support Staff 45.6 9.4

Self-employed Entrepreneurs 45.1 9.5

Industrial Workers 44.6 10.4

Retired/Aged 43.4 10.3

Business and Salaried Employees 42.0 11.9

Organised Farmers 41.5 13.7

Entrepreneurs 40.3 13.4

Qualifi ed Self-employed Professionals 38.1 13.4

White-collar Clerical Employees 37.4 12.9

Managers/Supervisors 34.7 14.9

White-collar Professional Employees 34.4 14.6

Note: The rows are arranged in the descending order of food share. 
Source: CMIE and authors’ estimates.

Chart 1: Estimated Inflation Expectations 
Bias in India

Source: RBI and authors’ estimates.
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 Since the offi cial CPI weights are based on the 

Household Consumption Expenditure Survey (CES) 

of 2011-12 conducted by the National Sample Survey 

Offi ce (NSSO) while agents’ infl ation expectations 

are based on their most recent consumption basket 

composition, one may question the rationale behind 

the direct comparison of infl ation expectations 

with actual infl ation for any meaningful analysis. 

To examine this, we compare the share of food and 

fuel in CPHS with CPI weights based on the CES of 

2011-12 (Table 3). It is seen that in CPHS, the share 

of food in total consumption even in 2022 remains 

almost equal to the offi cial CPI weight for food that 

was set in 2011-12. It needs to be noted that there 

are methodological differences between the way 

consumption expenditures are recorded in CPI and 

CPHS. For example, CPHS includes expenditure 

towards equated monthly instalments (EMIs) on 

loans, whereas CPI does not. This should have ideally 

pulled down the share of food in CPHS. Also, it has 

been argued that CPHS sample selection is more 

skewed towards urban areas and more affl uent 

households.3 Even if those arguments hold true, they 

should have ideally reduced the share of food. As per 

CPHS data, strikingly, the share of food has remained 

close to the weight in the CPI basket over time 

(Chart 2). During the COVID lockdown period, the 

share of food increased, when the opportunity to 

spend on non-food items got severely curtailed. 

 The salience of price changes could be another 

source of bias as more frequent price changes of 

select items, which the households purchase more 

frequently, can infl uence their expectations. Infl ation 

expectations are also likely to be more biased in the 

wake of higher infl ation uncertainty. Those who are 

more uncertain about infl ation tend to predict higher 

infl ation. Also, if agents are rational, it is expected 

that they use full information in formulating their 

Table 3: Share in Total Consumption - 
CPHS versus CPI (July 2022 Release)

Items CPI Basket 
Weights

CPHS 
Expenditure 

Share

Food Share 45.9 43.5

of which

Cereals and Pulses 12.1 8.9

Vegetables and fruits 8.9 6.8

Eggs 0.4 0.7

Edible Oil 3.6 3.9

Meat and Fish 3.6 3.9

Milk and products 6.6 8.0

Others

Clothing 5.6 2.1

Footwear 0.9 0.7

Education 4.5 2.9

Health 5.9 2.8

Cigarettes and Tobacco 2.8 2.4

Petrol and Diesel 2.3 10.7

Note: In another similar comparative study by Goyal, Pandey, and Sane 
(2021), it was found that the weight of food in CPHS in 2019 closely matched 
the weight of food in CPI – excluding housing, the weights of food in rural 
and urban areas were 51 per cent and 46 per cent, respectively, as per 
CPHS in 2019, as against 54 per cent and 46 per cent, respectively, in CPI. 
Patnaik, Shah, and Veronese (2011) also noted that the weight of food in 
the Consumer Pyramids dataset in 2009 was 44.9 per cent, as against 46.2 
per cent in the CPI-IW, and within the food categories, the distribution of 
expenditure was not too dissimilar across the two sets of weights. 
Source: CMIE; MoSPI (Govt. of India); and authors’ estimates.

3 For example, as in the article “New barometer of India’s economy fails 
to refl ect deprivations of poor households” by Jean Dreze and Anmol 
Somanchi, Economic Times, June 21, 2021.

Chart 2: Share of Food in Total Expenditure 
(in per cent)

Source: CMIE and authors’ calculations.
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expectations and therefore underlying macroeconomic 
conditions could infl uence the bias in expectations. 
Ehrmann et al. (2017) showed that when respondents 
are pessimistic about the current employment 
situation, bias tends to be higher. Capistrán and 
Timmermann (2009) argued that agents tend to add a 
systematic upward bias to their infl ation expectations 
to avoid the possibility of underprediction which 
entails a larger cost. 

III.Adjusting for Infl ation Expectations Bias

III.1 Theoretical and Empirical Insights

 Given that bias in infl ation expectations is not 
uncommon, for deriving meaningful information 
from the trends in infl ation expectations, one would 
need to adjust the data for biases, an issue which 
has received considerable attention in the literature. 
Adjustment of biases has been carried out based on 
forecast values, past errors, and macroeconomic 
indicators (Mankiw et al., 2003). Adjustment based on 
forecast values usually takes the form of estimating 
bias as a function of current infl ation expectations. 
Adjustment to past errors in infl ation expectations 
bias is usually done by regressing bias on change 
in infl ation expectations implying that agents 
dynamically adjust for past errors, which might 
give rise to an accumulated bias component if they 
do not have perfect foresight. Bias could also result 
from fl uctuations in macroeconomic variables such 
as unemployment rate, economic growth or interest 
rate, which could infl uence infl ation expectations 
by altering their sentiments. It is found that agents 
usually tend to overstate their expectations during 
periods of economic pessimism. 

 Standard model specifi cations to study biases 
are often modifi ed and extended in the literature, 
allowing the incorporation of new possibilities. 
Capistrán and Timmermann (2009) adjusted the bias 
by considering the volatility of infl ation as higher 
infl ation uncertainty could induce higher infl ation 
expectations. Ballantyne et al. (2016) added deviation 

of infl ation from the target as an additional variable. 

Galvis Ciro and Zapata (2019) added an index of 

central bank credibility and the extent of complexity 

in central bank communication by using the Flesch 

index (a readability scale to measure the ease of reading 

a text). Studies that use micro-level data further 

refi ne the adjustment factor for bias at the individual 

level by incorporating consumer-level attributes, and 

controlling for the responses of individuals who show 

inconsistent behaviour (Ehrmann et al., 2017). Studies 

have also incorporated variables like infl ation news 

intensity and state of business cycles for adjustment 

of biases. 

III.2 Adjustment of Infl ation Expectations Bias for 
India

 In this section, we address the issue of how to 

explicitly adjust for the infl ation expectations bias 

(IEB) in IESH measures of infl ation expectations. For 

our analysis, we restrict our domain to only median 

of one year ahead infl ation expectations. Generally, 

for advanced economies, the IEB is estimated for 5 

or 10 years ahead of infl ation expectations whereas 

the maximum time frame from IESH that we have 

for India is one year. Following the literature, we 

identify a set of variables as determinants of IEB. First, 

we include the level of infl ation as a determinant, 

as a higher realised infl ation brings with it greater 

uncertainty about future infl ation. Second, we include 

relative price volatility - a measure of the dispersion of 

infl ation across items in the consumption basket. The 

relative price volatility at time  for  product 

groups in the CPI basket is defi ned as: 

where,  represent the weight of the  

group, infl ation of the  group at time , and overall 

infl ation at time , respectively. The RPVt could also 

proxy infl ation that is driven by supply shocks, as 
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variability in infl ation across product groups goes 

up during periods of supply disruptions (Ball and 

Mankiw, 1995). Here, we use the all-India CPI-

subgroup level data which comprises 23 categories. 

This measure captures the extent to which realised 

infl ation diverges across different groups based on 

their consumption shares, which could be a source of 

infl ation expectation bias. 

 We also include a measure of disagreement 

proxied by dispersion in infl ation expectations 

within the survey which captures the heterogeneity 

in perception across age profi les, occupations, and 

cities. While these individual attributes can be a 

source of disagreement among respondents, they 

could be a possible source of aggregate IEB. For each 

of the characteristics, we defi ne disagreement as the 

standard deviation of infl ation expectations within 

that group. For example, the standard deviation 

of infl ation expectations across age groups is the 

disagreement across age cohorts. 

 In order to account for the impact of 

macroeconomic conditions on IEB, we use real GDP 

growth as the proxy for agents’ perceptions of current 

economic conditions. This could help in controlling 

for the counter-cyclical nature of IEB as during higher 

GDP growth with lower unemployment households 

are optimistic about the future and vice versa and 

these sentiments may induce IEB. 

 Table 4 presents our key results. As expected, 

the estimated bias series has a strong autoregressive 

component, indicating its persistence. The realised 

infl ation positively infl uences the bias and the 

estimated impact is signifi cant across all specifi cations. 

As infl ation variability increases across product groups, 

bias tends to be higher indicating that during periods 

of supply shocks infl ation expectation bias is higher. 

It was also found that disagreement in infl ation 

expectations by respondents within the survey also 

positively infl uences IEB. The coeffi cient of the real 

GDP growth variable turns out to be negative and 

signifi cant once we include the RPVt and infl ation 

expectations disagreements in our specifi cation, which 

indicates that agents’ bias in infl ation expectations 

falls when they perceive better economic prospects. 

 Having established empirically the infl uence of 

these determinants on IEB, we now use the estimates 

to adjust infl ation expectations data and derive a bias-

adjusted infl ation expectations series. We generate 

the bias-adjusted infl ation expectations by adjusting 

for the predicted bias based on the fourth specifi cation 

in Table 3. We see that once we adjust for biases, the 

infl ation expectations series closely tracks the actual 

CPI infl ation series, both in magnitude and direction 

(Chart 3). Only for a brief period from mid-2014 to 

early 2015, the bias-adjusted infl ation expectations 

series deviated noticeably from the actual CPI infl ation 

series.4

Table 4: Explaining Infl ation Expectations 
Bias: Results

(1) (2) (3) (4)

Biast Biast Biast Biast

Bias t-1 0.780*** 0.784*** 0.785*** 0.816***

(0.0815) (0.0825) (0.0782) (0.0680)

Headline Infl ation t 0.225*** 0.223*** 0.206** 0.155**

(0.0732) (0.0755) (0.0765) (0.0755)

GDP Growth t -0.00562 -0.00754 -0.0380**

(0.0110) (0.0128) (0.0145)

RPVt 0.128* 0.153**

(0.0725) (0.0726)

Infl ation Expectations 
Disagreement t

2.680**

(1.116)

Constant -0.166 -0.141 -0.680 -2.813***

(0.479) (0.493) (0.439) (0.975)

No. of observations 38 38 38 38

R2 0.79 0.79 0.80 0.82

Standard errors are in parentheses. * p < .10, ** p < .05, *** p < .01

4 During this period, Indian basket crude oil prices fell precipitously (by 
55 per cent between June 2014 and January 2015) and the transportation 
and communication sub-group registered a defl ation (Monetary Policy 
Report, RBI, April 2015). Moreover, adoption of the infl ation glide path, 
following the submission of the Expert Committee Report to Revise and 
Strengthen the Monetary Policy Framework in January 2014, also signalled 
greater commitment to price stability in the conduct of monetary policy. 
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IV. Bias-adjusted infl ation expectations as a lead 
indicator of infl ation

 The utility of a bias-adjusted infl ation expectations 

series could be assessed by examining its infl ation 

forecasting performance relative to the unadjusted 

series. Applying a simple approach, we checked the 

Root Mean Squared Error (RMSE) and Mean Absolute 

Percentage Error (MAPE) of forecasts generated 

by using three different measures of infl ation 

expectations (Table 5).5 Our results show that there 

is a signifi cant improvement in forecast performance 

once we adjust for bias in infl ation expectations. Also, 

a model-based adjustment of bias yields better forecast 

performance than a simple bias adjustment process 

that involves subtracting the average bias from the 

infl ation expectations series. We also see that both the 

RMSE and MAPE came down in the period when India 

formally adopted the FIT framework. 

V. Measurement of Anchoring of Infl ation 
Expectations

 The next important issue that we deal with is 

whether infl ation expectations are anchored or not 

in India. For this purpose, we construct an infl ation 

expectations anchoring index (IEA index) based on 

unadjusted household infl ation expectations, as the 

challenge for anchoring infl ation expectations relates 

to infl ation expectations as revealed by households. 

The methodology for the construction of the IEA 

index broadly follows the approach by Bems et al. 
(2021) and Choi et al. (2022)6. For the construction of 

the index, we consider three dimensions that capture 

the contextual properties of infl ation expectations 

anchoring: (1) sensitivity; (2) consistency; and (3) 

stability. 

 Sensitivity: Sensitivity refers to how infl ation 

expectations react to the currently available 

information. If the sensitivity is lower, then infl ation 

expectations are well-anchored, and vice-versa 

(Bernanke, 2007). To estimate the sensitivity, we use 

the specifi cation of Choi et al. (2022):

 

Chart 3: Bias-Adjusted Inflation Expectations 
in India

Source: Authors’ estimates.

Table 5: Forecast Performance of Alternate 
Measures of Infl ation Expectations

Variables RMSE MAPE

Overall IT 
period

Overall IT 
period

Unadjusted One-year Ahead 
Infl ation Expectations

5.92 4.75 1.21 1.10

One-year Ahead Infl ation 
Expectations minus the Average 
Bias

2.63 1.95 0.41 0.33

Bias Adjusted One-year Ahead 
Infl ation Expectations

1.90 1.30 0.28 0.25

5 Here the projected CPI infl ation at period t is a function of the measure 
of infl ation expectation assessed by the households for period t at time t-1 
(i.e., one year back).

6 A commonly used approach to measure anchoring of infl ation 
expectations is to check whether the coeffi cient of backward-looking 
expectations (or lagged infl ation) in a hybrid New Keynesian Phillips Curve 
(NKPC) declines over time or not. For Indian data, when household infl ation 
expectations are used as a proxy of forward-looking infl ation expectations 
along with lagged infl ation in NKPC, the model yields misleading results 
(Pattanaik et al., 2020). Hence, an alternative approach is adopted here. 
Specifi c factors that help improve anchoring of expectations include 
adoption of an infl ation targeting regime, central bank transparency and 
also structural and fi scal factors in EMDEs such as lower public debt and 
greater trade openness ( Ha et al, 2019).
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 Then we estimate the fi rst dimension ( ) by 

using the functional form:

 

When  goes to 1, and when , it goes 

to 0. Thus, higher the value of , higher is the degree 

of anchoring. 

 Consistency: The second dimension ( ) refers 

to the consistency of infl ation expectations with the 

central bank’s infl ation target (Bems et al., 2021).  is 

given by:

 

 

 If infl ation expectations of agents are aligned to 

the infl ation target (4 per cent for India), i.e., if the 

extent of deviation of expectations from the target is 

lower, higher is the consistency. 

 Stability: Both  and  are based on the average 

measure of infl ation expectations from the survey 

data. But these dimensions do not capture the 

distributional aspects of the responses. If there is 

greater disagreement among the respondents, a third 

dimension ( ) approximated through the standard 

deviation of infl ation expectations reported by 

respondents in the survey could be useful. The third 

dimension is given by:

 

 The lower the standard deviation, the higher the 

degree of anchoring and vice-versa.

 The composite IEA index is constructed by taking 

the simple arithmetic average of the above three 

dimensions.

 

 The IEA takes a value between 0 and 1 at 

different points in time, where 0 refers to completely 

unanchored expectations and 1 refers to completely 

anchored infl ation expectations. 

 Our results show that the performance on 

anchoring infl ation expectations improved during the 

FIT period before the pandemic struck (as refl ected in 

the higher value of the index), and the improvement 

was primarily driven by consistency, signifying 

greater credibility around the infl ation target 

(Chart 4). Post-COVID, however, the moderation in the 

index is largely on account of repeated supply shocks 

that led to realised infl ation overshooting the target as 

well as greater disagreement in infl ation expectations, 

which impacted both consistency and stability factors 

driving the IEA index.

VI.Conclusion

 This article fi nds that household infl ation 

expectations in India suffer from signifi cant biases. 

There are multiple sources of such biases ranging from 

the overwhelming infl uence of own consumption 

basket in forming expectations, given limited/no 

knowledge about the true measure of infl ation in the 

economy to individual assessment of the outlook for 

one’s income and employment and ability to sustain 

Chart 4: Inflation Expectations Anchoring Index

Source: Authors’ estimates.
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consumption and savings, which could be infl uenced 

by the level of infl ation, state of economic growth, 

interest rates, and supply shocks facing the economy. 

When the household infl ation expectations data 

series is adjusted for estimated biases, such a series 

exhibits better alignment with headline CPI infl ation, 

with higher predictive power for forecasting headline 

infl ation. The infl ation expectation anchoring 

index shows that anchoring has improved since 

the adoption of the fl exible infl ation targeting (FIT) 

framework, but post-COVID, successive supply shocks 

that caused realised infl ation to overshoot the target 

have increased the risk of de-anchoring expectations. 
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