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Chart 1: Sector-wise FinTech App Landscape

a. Average Installs per App b. Review per Install

Note: In Chart 1(a), Sector-wise average installs per app is computed: Total unique installations / Total number of apps in each sector. In Chart 1(b), Review per install is 
computed as: Total reviews of an app / Total unique installation of an app.  
Source: Authors’ calculations. 

0.23

1.27

1.36

0 1 2

Banking Tech

Alternative
Lending

Payments

In crore

0.60

0.42

0.61

0.0 0.2 0.4 0.6 0.8

Alternative Lending

Banking Tech

Payments

In per cent



58

Chart 2: Assessment of FinTech App Reviews 

Source: Authors’ calculations.
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Chart 4: Positive Review per Unique Install

a. Distribution b. PRI versus Market Share

c. PRI versus Age of Apps d. PRI versus Funding Stages

Note: PRI is computed as: 
(Share of positive reviews * Number of reviews in 2 years) / (Unique installs since inception / age of the app * 2)
Source: Authors' calculations.

0.0

0.5

1.0

1.5

2.0

2.5

3.0

3.5

0 5 10 15

PR
I

PR
I

PR
I

Market Share (in per cent)

Age (in years) Stages of funding

0.0

0.5

1.0

1.5

2.0

2.5

3.0

3.5

0 5 10 15
0

0.1

0.2

0.3

0.4

0.5

0.6

0.7

0.8

Early Middle Late Public

1.5

1

0.5

D
en

si
ty

PRI

0
0 .5 1 1.5 2 2.5



60

 

52.02 15.64 4.66

11.19 20.52 35.90

 7.39 23.74 35.27

6.78 10.93 0.31

7.18 7.96 9.93

6.54 6.02 3.99

3.21 7.83 0.99

1.38 0.21 0.93

1.77 6.41 3.96

0.87 0.58 0.52

1.68 0.16 3.54



61

I

(1) (2) (3)

0.114* 0.103 0.115**
(0.068) (0.065) (0.058)

-0.011** -0.011* -0.010**
(0.006) (0.005) (0.005)

0.020 0.022 0.003
(0.023) (0.025) (0.023)

0.860*** 0.597** 0.118
(0.297) (0.244) (0.073)

0.662** 0.360 -0.030
(0.316) (0.265) (0.083)

0.057*** 0.046** 0.045**
(0.018) (0.021) (0.018)

-0.0008*** -0.0006** -0.0006**
(0.0003) (0.0003) (0.0003)

0.292** 0.367** 0.190
(0.156) (0.163) (0.168)

0.460** 0.545** 0.451*
(0.207) (0.234) (0.238)

0.265*** 0.256* 0.277**
(0.078) (0.139) (0.134)

-2.425** -3.95*** -2.732***
(1.171) (0.949) (0.899)

0.568 2.153** 1.881**
(1.128) (0.924) (0.864)

91 88 84

-58.80 -56.86 -55.00

0.00 0.00 0.00

0.047 0.047 0.027

 



62



63

Al Ryan, A., Mahmud, M. S., Mahi, H. H. C., 

Hossen, M. S., Shimul, N. I., and Noori, S. R. H. 

(2023, February). FinTech: Deep Learning-Based 

Sentiment Classification of User Reviews from 

Various Bangladeshi Mobile Financial Services. 

In International Conference on Computational 

Intelligence in Data Science (pp. 126-140). Cham: 

Springer Nature Switzerland.

and Trends in Turkish Mobile Banking Apps: A 

Text Mining Study. 

Bilimler Dergisi, (80), 49-69.

Burgers, C., Eden, A., de Jong, R., and Buningh, S. 

(2016). Rousing Reviews And Instigative Images: 

The Impact Of Online Reviews And Visual Design 

Characteristics On App Downloads. Mobile Media 

and Communication, 4(3), 327-346.

Chaudhary, A. (2024). FinTech, AI and Digital 

Payments: Shaping the Future of Finance. NPCI 

Speeches. 

Das, S. (2023). FinTech and the changing financial 

landscape [Keynote address]. Global Fintech Festival, 

Mumbai. Reserve Bank of India. https://www.rbi.org.

in 

Devlin, J., Chang, M., Lee, K., and Toutanova, K. (2019). 

BERT: Pre-training of Deep Bidirectional Transformers 

for Language Understanding. North American Chapter 

of the Association for Computational Linguistics.

Driss, O. B., Mellouli, S., and Trabelsi, Z. (2019). 

From Citizens To Government Policy-Makers: Social 

Media Data Analysis. Government Information 

Quarterly, 36(3), 560-570.

Semantic Structures in Instagram Data: a Topic 

Modelling Comparison.Tourism Review.

Comparison Between LDA, NMF, Top2Vec, and 

BERTopic to Demystify Twitter Posts. Frontiers in 

Sociology.

Feyen, E., Frost, J., Gambacorta, L., Natarajan, 

H., and Saal, M. (2021). Fintech And The Digital 

Transformation Of Financial Services: Implications 

For Market Structure And Public Policy. BIS papers.

Feyen, E., Natarajan, H., and Saal, M. (2023). Fintech 

and the Future of Finance: Market and Policy 

Implications. World Bank Publications.

Fu, B., Lin, J., Li, L., Faloutsos, C., Hong, J., and 

App: Making Sense Of User Feedback In A Mobile 

App Store. In Proceedings Of The 19th ACM SIGKDD 

International Conference On Knowledge Discovery 

And Data Mining (pp. 1276-1284).

Grootendorst, M. (2022). BERTopic: Neural Topic 

Modelling with a class-based TF-IDF Procedure. arXiv. 

Retrieved from https://arxiv.org/abs/2203.05794

Gupta, S. S., and Mahajan, J. (2023). User Sentiment 

Analysis of Cashkumar Peer-to-Peer (P2P) Lending 

Platform: Based on Google Reviews. In Smart Analytics, 

Artificial Intelligence and Sustainable Performance 

Management in a Global Digitalised Economy (pp. 97-

122). Emerald Publishing Limited.



64

Hu, N., Pavlou, P. A., & Zhang, J. (2017). On self-

selection biases in online product reviews. MIS 

quarterly, 41(2), 449-475.

Huebner, J., Frey, R. M., Ammendola, C., Fleisch, E., 

and Ilic, A. (2018, November). What People Like In 

Mobile Finance Apps: An Analysis Of User Reviews. 

In Proceedings of the 17th international conference 

on mobile and ubiquitous multimedia (pp. 293-304). 

Hutto, C., and Gilbert, E. (2014). Vader: A Parsimonious 

Rule-Based Model For Sentiment Analysis Of Social 

Media Text. In Proceedings Of The International 

AAAI Conference On Web And Social Media (Vol. 8, 

No. 1, pp. 216-225).

Khalid, H., Shihab, E., Nagappan, M., and Hassan, 

A. E. (2014). What Do Mobile App Users Complain 

About?. IEEE software, 32(3), 70-77.

Krishnan, A. (2023). Exploring The Power Of Topic 

Modeling Techniques In Analyzing Customer 

Reviews: A Comparative Analysis. arXiv preprint 

arXiv:2308.11520.

Kumar, A., Chakraborty, S., and Bala, P. K. (2023). 

Text Mining Approach To Explore Determinants 

Of Grocery Mobile App Satisfaction Using Online 

Customer Reviews. Journal of Retailing and Consumer 

Services, 73, 103363.

What In Consumer Reviews Affects The Sales Of 

Mobile Apps: A Multifacet Sentiment Analysis 

Approach. International Journal of Electronic 

Commerce, 20(2), 236-260. 

Luiz, W., Viegas, F., Alencar, R., Mourão, F., Salles, T., 

Carvalho, D., ... and Rocha, L. (2018, April). A Feature-

Oriented Sentiment Rating For Mobile App Reviews. 

In Proceedings of the 2018 world wide web conference 

(pp. 1909-1918).

Masturoh, S., and Pohan, A. B. (2021). Sentiment 

Analysis Against the Dana E-Wallet on Google 

Play Reviews Using the K-Nearest Neighbor 

Algorithm. Jurnal Pilar Nusa Mandiri, 17(1), 53-58.

Mingyu, J. (2019). Google-Play-Scraper. MIT.

Mishev, K., Gjorgjevikj, A., Vodenska, I., Chitkushev, 

L., Trajanov, D. (2020). Evaluation of Sentiment 

Analysis in Finance: From Lexicons to Transformers. 

IEEE Access.

Mohammad, S. M., and Turney, P. D. (2013). NRC 

Emotion Lexicon. National Research Council, 

Canada, 2, 234.

Morgan, D. L. (1996). Focus groups. Annual review of 

sociology, 22(1), 129-152.

Nielsen, J. (1994). Usability engineering. Morgan 

Kaufmann.

Omotosho, B. S. (2021). Analysing User Experience Of 

Mobile Banking Applications In Nigeria: A Text Mining 

Approach. CBN Journal of Applied Statistics, 12(1), 77-

108.

Pagano, D., and Maalej, W. (2013, July). User Feedback 

In The Appstore: An Empirical Study. In 2013 21st 

IEEE International Requirements Engineering 

Conference (RE) (pp. 125-134). IEEE.

Pang, B., and Lee, L. (2008). Opinion Mining And 

Sentiment Analysis. Foundations And Trends In 

Information Retrieval, 2(1–2), 1-135.

Perea-Khalifi, D., Irimia-Diéguez, A. I., and Palos-

Sánchez, P. (2024). Exploring The Determinants Of The 

User Experience In P2P Payment Systems In Spain: A 

Text Mining Approach. Financial Innovation, 10(1), 2.

Pranata, N., and Farandy, A. R. (2019). Big Data-Based 

Peer-to-Peer Lending Fintech: Surveillance System 

through Utilization of Google Play Review.

Reserve Bank of India. (RBI). (2024). Report on 

Currency and Finance 2023-24. India’s Digital 

Revolution. 



65

Sanh, V. (2019). DistilBERT, A Distilled Version of 

BERT: Smaller, Faster, Cheaper and Lighter. arXiv 

preprint arXiv:1910.01108.

Saroy, R., Khobragade, A., Misra, R., Awasthy, S., and 

Dhal, S. (2023). What Drives Startup Fundraising in 

India?. RBI Bulletin.

Schoenmueller, V., Netzer, O., and Stahl, F. (2020). The 

Polarity of Online Reviews: Prevalence, Drivers and 

Implications. Journal of Marketing Research, 57(5), 

853-877. 

Statista. (2024). Mobile App Downloads Databse. 

Tracxn. (2024). FinTech Trends. 

Trivedi, S. K., and Singh, A. (2021). Twitter Sentiment 

Analysis Of App Based Online Food Delivery 

Companies. Global Knowledge, Memory and 

Communication, 70(8/9), 891-910.

Vasa, R., Hoon, L., Mouzakis, K., and Noguchi, A. (2012, 

November). A Preliminary Analysis Of Mobile App 

User Reviews. In Proceedings of the 24th Australian 

computer-human interaction conference (pp. 241-

244).

Wadhawan, A., and Aggarwal, A. (2021). Towards 

Emotion Recognition In Hindi-English Code-Mixed 

Data: A Transformer Based Approach. arXiv preprint 

arXiv:2102.09943.

(2020). User Personality Prediction Based On Topic 

Preference And Sentiment Analysis Using LSTM 

Model. Pattern Recognition Letters, 138, 397-402.



66

 
 

(1) (2) (3)

0.002 -0.003 0.004
(0.006) (0.006) (0.006)

0.007 0.008 0.014
(0.008) (0.010) (0.009)

0.322*** 0.225** 0.043
(0.102) (0.091) (0.028)

0.247*** 0.137 -0.011
(0.109) (0.096) (0.031)

0.02*** 0.016** 0.016***
(0.007) (0.007) (0.006)

0.110* 0.136** 0.071
(0.057) (0.060) (0.006)

0.170*** 0.202** 0.177**
(0.076) (0.086) (0.088)

0.098*** 0.095** 0.103**
(0.028) (0.051) (0.050)

-0.897** -1.463*** -1.018**
(0.431) (0.345) (0.333)

91 87 83

  


